1 Amnesty Operationalization

Some scholars have questioned whether it is useful to observe cumulative amnesty
laws, rather than a binary measure of the presence or absence of any amnesty law. Theo-
retically, there are merits in using the measure we are using, which does capture iterative
legislative processes in quite a few countries (of the 587 country-years with at least one
amnesty, 179 country-years have more than one amnesty, and 408 have only one). But
there are also merits in using a binary measure. On the side of the binary measure, one
important amnesty (like Brazil 1979 self-amnesty law) can have the same effect as many
amnesties in another case.

The concern with using only a binary measure is methodological. When the bi-
nary variable is included in fixed-effects regression, nearly all of the variation goes away.
Fixed-effects models are looking for changes within countries, and then comparing those
to similar changes in other countries. Because so many amnesties happen before the tran-
sition, or soon following the transition, most of the data panels we are studying do not
have any variation on a binary amnesty variable. For this reason, the fixed effects model
does not tell us much about what happens to human rights outcomes after amnesties are
passed. (587 country-years in our dataset have at least one amnesty. But there are only
80 observations in 15 countries that go from no amnesty to amnesty. In the fix effects
model, those 80 observations serve as the baseline, against 240 observations that follow
passage of an amnesty. In short, using the binary, we are comparing a very small subset
of our total cases.)



2 Democratic Transitions



o3ed jxou UO ponuruo))

I [ | 2¢00¢ | T66T | uonisuelrl dNeIDOWSp ROLIJY 435% oriqnday] Jv D
I T | 0T0C | GOOg | uomisued) SBIOOWSD | BILFY 914 puning
- -1 0T0Z | 0861 | UOISIOARI O1jeIdDOINE |  BILIY 6ET os®e,] UL Ing
I [ | 6L6T | LL6T | UOI}ISURI] DI}RIOOWSD | BILIFY 6EY OS] eunyIng
I 0| 010Z | 066T | uoIjIsueI} o13RIDOUWP omy cce eLIRSI]
T 01 0T0¢ GR6T | uoIjisueI} sjeIoomwap Joury il [TZelg
T 01 0T0¢ GS6T | uorjisueI} os1jeIoOoOwWaP Joury Sl RIAT[OH
I 0| 0TOZ | 0661 | tonsuer) S1jeIdOOWIpP | eOLY VEY uruog
- -1 0102 | 9667 | UOIsIOAQI OTjRIDOINE omy 0LE snrefogy
0 0 | §66T | T6GT | UomIsuely SHeIbOWap omy 0LE STLIe[og]
0 0 | OTOG | 600¢ | uonsuer SreIoousp RISY TLL ysope[sueg
- -1 80046 2006 UOISI9AQI OTjeIOOIN® vISY 1. Qm@@dﬁwgﬂmm
0 I 19002 | 1661 | UOI}IsUEI} OI}eIO0WIP RISY TLL ysopersueq
- -1 8007 | ¥L6T | UOIsIOAQI OTjRIDOINE eISY 1.1 ysopeSueg
0 T | €L6T | CL6T | UOT}ISURI} O}RIOOWIP RISY TLL ysope[sued
- -1 0102 | €667 | uOIsIOAQI OTJRIDOINE oy ele welreqozy
0 T G661 GO6T | uoIjIsueI} sljeIoomwap omy ¢Le QﬁDd@M@Naﬂ
0 0 | 0T0C | 8661 | uomIsuely SeI> 0Wap omy VRS BIUSUWLLY
- - | L6617 | 9667 | UOIsIOAQI OTjRIDOINE omy 1€ RIUOUIIY
0 0 | S66T | T66T | UOIISUEI} DI}RISOUWDP omy 1L€ RIUOULLY
0 0 | 0T0C | €861 | uonIsuely sHeI>OWSp Toury 091 BUNUISIY
- -1 G861 9,61 UOISI9AQI OIjeIOOIN® Joury 091 ,mgﬂgwwejﬂ
I T | GL6T | €L6T | UOTISURI} DIYeIDOWIP hETiiavs 09T BUIUISIY
I I | 010C | 700g | uorysued) sipeOwWSp | YNHIN a19 RLIDI[Y
I 0| OTOZ | L1661 | Uomnsuer} dSnjeIyoulop omy 6€€ rIURqrY
- -1 9661 | 9667 | UOIsIOALI OTjRIDOINE omy 6ee eruRqry
T 0| G661 0661 | uorjsue.I) orjeIoouWap oany 6€¢ rIUR([Y
039N | Tep | PUY | }1eIS 1eds uo13ey | AIMOD A1yunop

"SUOTSIOADY] PUR SUOTISURI], OTJRIDOWD(] T 9[(e],




o8ed JxXou UO ponuIyuo))

I T1 010 9861 | UOIjIsURI) O1)RIOOUWDP Ioury 06 B[eUIdIeNY)
0 0| 010% .61 | UOI}ISURI) O1)RIOOUWIDP omyy 0g¢e 9099.1K)
I 0 | 0T0T | 966T | UOTYISURI) DIJRIDOWAD |  @ILYY sy vuRyy)
- - | G661 1861 UOISIOADI DI)ReIDOINE ROLITY a5 'uRYL)
I T | 0861 | SLGT | UOTYISURI} DI}RIDOWLD | BILYY oy euRy)
- - | L1161 CL61 UOISIOADI JI)ReIDOINR BILIY rasin rURYL)
0 01| T261 0,61 | uoIjIsueI) O1)RIOOUWDP BOLIY a4 |URYY)
0 0] 0T0Z | 0661 | uomIsueRI) JI13RIDOUWIP nle GGT Aueurior)
0 I 1 0T0% T166T | UomIsueI} dIjRIDOWOP omy cLe RIZI00T)
I 0 | 0T0% | 600G | UOWISURI) DIJRIIOWAD |  @ILYY 187 uoqen)
0 I | 010 | ¥66T | UOWISURI} OIIRIDOUD |  BILYY 0€S erdoryyy
0 0 [ 0T0Z | T66T | UOIISURI} DIJRIDOWOP omy 99¢ RIUO)S
T T | 0102 86T | uomIsueI) 2I13RIDOUWIP oy 26 IopeAfes 1
T 0] 0T0C | 6L6T | uomisueIy 213RIDOUWIP Iouwry 0€1 Iopendy
I T | 070G | ¥00g | UOTYISURI} DI}RIDOWLD | BILYY 06 oguo) Yd
0 0| 010% Q.61 | UOI}ISURI) OI)RIOOUWDP Ioury ¥ doy] weorurwo(J
0 01! 0107 €661 | UOIjIsuRI) O1)RIOOUWDP omyy cI¢ orqndey Yooz
1 01| Z66T 6R6T | UoIjISURI) OI)RIDOUIDP oy cIe RINCAO[SOYIIZ))
0 0] 0T0C | 6661 | UomIsuRI) JI13RIDOUWIP oIy ¥Pe BI1ROI))
- -1 010% €007 UOISIOADI JI)ReIDOINE ROLITY VX% % QITOAT, P 970D
0 T | 200% 6661 | TOI}ISURI) OI)RIOOUWDP ROLITY )X %% OITOAT, P 910D
- -1 010% 1661 UOISI9ADI OT1)RIDOIN. BOLIY 787 | (o[rarzzeig) osuo))
1 T 19661 166T | UoIIsSuURI} d1IRIDOWOP BOLIY 78¥ | (o[rarzze1g) 03u0))
I 0 | 0T0T | 686T | UOTYISURI) DIJRIDOWD | IoUIY ce1 oD
0 T | 070G | 8661 | UOTYISURI} DIIRIDOUIDD RISy 118 vIpoqure)
- - | L66T | L66T | UOISIOADI DIYRIDOINE RISy 118 erpoqure)
I T 1 9661 QRGT | UOIjIsURI) O1)RIOOUWDP RISY 118 eIpOqUIR))
- - | 0T0Z | €00g | UOISIOADI DIJRIDOE |  BILYY &l oqnday Jv D
039N | Tep\ | PUY | 1TeIS reds uorsey | AIMOD Aryunop

o8ed snorasad wroay panurjuod — [ 9[qe],




o8ed JxXou UO ponuIyuo))

1 1| 0T0Z | ¥66T | UOIISURI} OI}RIDOUDD oury 0. OJIXON
- -1 0107 | 800z | uoIsIoADI OIYRIDOINE ROLIJY Gey RTURILINEIN
0 1| 2002 | L00C | uomisuer) o1jeIdowap ROLIJY Gey RIURILINRIN
0 | 0I0¢ | 1661 | wonisuery oieoouap BILY 497 TeIN
I 0 | OTOC | P66T | TonIsue Sreloouop BILY €aqs LABTRIN
1 0| 0T0Z | T66T | UOIISURI) DIJRIDOUWOP ROLIJY 086G IROSRIRPRIN
0 1| 0T0C | TI66T | UOIMISURI} DI}RIDOWDD omy eye RTUOPIIRIA
0 0| 0T0Z | 1661 | UOIISURI) DIJRIDOUISP omy Q9¢ RTURTIY)I]
I [ | 0TOG | €00 | uonisuer} orelomsp BILGY 04¥ BLIOQT]
I | 0I0C | €661 | wonisuery onenomap BILY 0LS OI089]
0 0| 0T0Z | G007 | uoryisuea) srpemowop | VNHIN 099 eceloiclefely
0 0| 0T0Z | TI66T | UOIjIsuRI} OI}RIDOUWSP omy 19¢ RIAYRT]
0 0| 0T0Z | G00OZ | uorjisue) oIjRIDOWSP RISY 0. UR)SZASIAY
0 0 | 0T0Z | 800% | UOIISURI) OIJRIDOUISP omy I %S OAOSOY]
I 0 | OT0C | <¢00¢ | uonIsue SreHousp BILY 10S RAUSY
- - | 0T0¢ | $00¢ | UolsIoAar oneoOnNe | YNHIN 0€9 el
I ] €00¢ | L66T | uonisuern onenowsp | YNHIN 0€9 e[
1 1| 0T0C | 6661 | Uonisuer) dorjrIDOUWLP RISY 058 RISOUOPU]
1 0 | 0T0Z | 6861 | UOIISURI) DIJRIDOUISP oy 01¢ AreSunpy
1 0 | 0T0Z | 0861 | UOIISURI) DIJRIDOUIOP oury 16 SeINpPuOy
0 | 0T0¢ | ¥00¢ | uonisuer oneIoousp oy v ey
- -1 €00¢ | 000C | UOISIOAQI ofjRIOOINE Toury A% OeH
0 0 | 6661 | P66T | TOR}ISURI} OI)RIOOUSD Uy A% ey
- - | €661 | T66T UOISIoAal dTeIo0INe Joury A% nrey
I ] 066T | 0661 | wonIsuer} 91BIOOUWIP oy v nrey
1 0 | 0T0Z | S00Z | uorIjIsSuURI) OIJRIDOUWOP ROLIJY 0¥ NERSSI-ROUIILY)
= - | 700% | €00z | uoIsIoAdI O13RIDOINER ROLIJY Y0¥ NERSSI-ROUIILY)
1 1| 2002 | TI66T | UOIHISURI} DI}RIDOWDD ROLIJY Y0¥ NEeSSI-ROUIILY)

039N | Tep\ | PUY | 1TeIS reds uorsey | AIMOD Aryunop

o8ed snorasad wroay panurjuod — [ 9[qe],




o8ed JxXou UO ponuIyuo))

I 0 | OTOC | 6861 | womnIsuerl vieIOWIP oIy 06¢ purlod
0 | OT0C | 9861 | Uoniisuell dhRIDOWSP BISY 0v8 soutddiyq
0 110102 | 0007 | uonysueI) o1jRIDOWOP oury Gel nioJ
- -1 6661 | €661 UOTSIOADI D1)RID0INE oury GeT NIoJ
1 1| 1661 | 6L6] | uomisuei) o1jeIoOWOpP oury GeT IS J
0 11070 | 66T | uomIsueI) o1pRIDOWDP Ioury IS1 AengereJ
0 1| 1661 | 6GRGT | UOIISURI} OI}RIDOWDD Ioury 0ST AenGereJ
0 110102 | 6861 | UonIsuRI) 21)RIDOUWOP oury G6 RUIRUR
I [ | 0T0C | L00¢ | uonisuery seIoomop BISY 0LL uelstied
- -1 900 | 6661 UOTSIoASI OTYeId0)Ne BISY 0LL uejsiyed
1 T | 866T | SRGT | UOTIISURI} OI}RIDOUDP RISY 0LL ur)seJ
- - | L86T | LL6T UOTSISASI OIeI00Ie RISY 0LL ueIshed
0 [ | 9L6T | €L6T | uonisuery sjeIoomop BISY 0LL ueysed
0 [ | 0T0C | 6661 | uonisuery sjeIoomap BILY GLy RLIOSIN
- -1 866T | ¥R6T UOTSIOADI D1)RID0INE ROLIJY GV RLIDSIN
1 0| €36T | SLG6T | uOIjIsSuRI} O13RIDOWDP ROLIJY GV RLIDSIN
0 0 | 0T0C | O0T0¢ | uomnsuer] sieIOWIP BOLITY 9¢€y TSN
- -1 6002 | 6002 UOISIOAI DT}RID0OIE ROLIJY ey IDBIN
0 [ | 800C | 6661 | uonisuery sjeIoomap BILY 9€¥ TOFIN
- -1 8661 | 9661 UOTSIOADI D1)RID0INE ROLIJY 0157 IOTIN
1 T1S66T | TI66T | UomIsuRI) O1jRIOOWOP ROLIJY 017 IOTIN
1 1| 0T0Z | 066T | UOIISURI} OI}RIDOWDD oury 6 BNSRIBIIN
1 1| 0T0Z | 900g | uorysuer) o1yRIOOWDP RISY 06 redaN
- -1 600z | 200g UOTSIOADI D1)RID0INe RISY 062 redoN
I [ | 100¢ | 0661 | UOnIsuer} onieIoouop BISY 064 [edoN
1 0| 0TOZ | ¥66T | UoIjISURI} OI3RIDOWIP ROLIJY 197G onbrqurezopy
1 0| 0T0Z | 0661 | UOI}ISURI) DIJRIDOUWOP RISY 1L RI[OSUOTN
0 1| 0T0C | TI66T | UOIMISURI} DI}RIDOWDD o 6C¢ RAOP[OIN
039N | Tep\ | PUY | 1TeIS reds uorsey | AIMOD Aryunop

o8ed snorasad wroay panurjuod — [ 9[qe],




o8ed JxXou UO ponuIyuo))

I 0 [ 0T0Z | T66T | UOIISURI} DIFRIDOWP omy 69¢ QUIe()
- -1 010% 9861 UOISIOADI DIjeIdOINE BOLIY 00S epues)
0 T | G86T | 086T | UOTYISURI} DIJRIDOUWDD | BILYY 00¢ epues()
0 I | 0T0g | €861 | UOWISURI} OYRIDOUWDD | YNHIN 0¥9 Aoy,
- - | 86T | 0861 | UOISIOADI DIfRIdOIE | YNHIN 079 Ao,
T 01| 6461 €)6T | uonisuer) orpeIOWIpP | VNHN 079 Aoyany,
0 0 | 0T0Z | @00Z | UOIISURI} DIYRIdOWOP RISy 098 930 -I0WL ],
I I | 070z | 800g | UOTISUEI} DI}RIDOUIAD RISy 008 pue[rey ],
- - | L00Z | 900G | UOTSIOASI DIYRIDOIE RISy 08 pue[rey ],
I T | G00G | @66T | UOTHISURI} DIRIDOUISD RISy 108 pue[reyJ,
- - | T66T | T66T | UOISIOADI DIYRIIOINE RISy 008 pue[rey],
I [ | 0661 | SLGT | UOIISURI} O[}RIDOUWIOD RISy 008 puefrey,
- - | LL6T | 9L6T | UOISIOASI dIjRIdOIE RISy 008 pue[rey],
I T | GL6T | PLET | UOTYISURI} DIIRIDOUISD RISy 008 pue[rey ],
I 0 | 0T0% | 66T | UOTYISURI) DIJRIIOWAP RISy 1L uemIe],
- -| 0T0Z | 6861 | UOISIOADI DIfRIdOIE | YNHIN ) uepng
I [ | 8861 | G86T | UOWISURI} DYRIDOUD | YNHIN 6Z9 uepng
1 11| 0102 GJ6T | UOIISURI) DIJRIDOUWIIP oy 0% uredg
I 0 | 0T0T | LSBT | UOTYISURI) DIJRIOOWAP RISy zeL BOI0Y INOG
I 0 | 0T0T | T66T | UOTISURI) DIJRIDOWAD |  @ILYY 095 ©OLIY YINOg
0 01 0T0Z 66T | uorjisueIy J13eIdOWOP omry 67¢ RIUOAOTS
0 0! 0107 €661 | UOIjIsuRI) O1)RIOOUWDP oy L1¢ BIYBAO[S
0 0| 010% 100g | uornisueI) d13eIdOWOP BOLIY 1G% QUOOT BIISIQ
0 0 | 0T0% | 000T | UOTYISURI) DIJRIOOWAP omy Gve HRCIS
I T | 0T0G | 000g | UOTHISTRI} DI}RIDOUWDD | BILYY ey [edouog
1 T1 0102 66T | uorjisueIy JI13eIdOWOP omry co¢ RISSNY
0 T1 010 6861 | UOIjIsuRI) O1)RIOOUWDP omyy 09¢ RIURWIOY
0 0! 0107 .61 | UOIjISURI) O1)RIOOUWDP omyy GeT [esniyioq

039N | Tep\ | PUY | 1TeIS reds uorsey | AIMOD Aryunop

o8ed snorasad wroay panurjuod — [ 9[qe],




I 0 | 0T0Z | 600z | UOIISURI} DIJRIOWIP |  BILYY e omqequIty,
I 0 | 0T0Z | T66T | UOIISURI} DIJRIOWIP |  BILYY 168 eIqUIRy,
I 0! 0107 GRGT | UoIjIsueI) JI1RIDOWIP Ioury G971 Aengdnin

039N | Tep\ | PUY | 1TeIS reds uorsey | AIMOD Aryunop

o8ed snorasad wroay panurjuod — [ 9[qe],




3 Variable Description
3.1 CIRI Scales

Differences in the relationship between transitional justice mechanisms and the out-
come variables would mean that the non-overlapping spaces between the CIRI PHYSINT
and EMPINX scales are driving the findings. This is an ideal test for our hypotheses.
The non-overlapping space for EMPINX measures the degree to which elected legisla-
tors are willing to legally restrict open participation, competition, and representation. If
amnesties strengthen democratic bargains between political opponents, and create the
space for governments to welcome competition, then they should be associated with
higher EMPINX scores. The non-overlapping space for PHYSINT represents arbitrary
violence and abuse by state agents. If prosecutions deter arbitrary violence, we should
observe a correlation between more prosecutions and cost truth commissions, and greater
PHYSINT scores.

3.2 Cumulative Coding of Transitional Justice Mechanisms

To capture the difference in transitional justice policy effects between the immediate
and the long-term, this paper employs a strategy of cumulative counting in the con-
struction of variables. For each count variable in the dataset measuring the number of
transitional justice policy events that happened in any given country-year, there is a cu-
mulative count. For example, if the data indicates that the first two guilty verdicts were
handed down in Argentina in 2005, and then two more in 2006, then the cumulative count
(Sum Guilty) would be 0 in 2004, 2 in 2005, and 4 in 2006. If no more guilty verdicts
were handed down after 2006, the Sum Guilty variable would retain a score of 4 through
the remainder of the transition panel. See Table 2 for an illustration. Table 3 provides a
description of all count and summed variables used in this paper.

Table 2: Cumulative Counting Illustration

Year Dom Pros Dom Pros Cum Amnesties Am Cum

Transition X 1990 0 0 1 1
Transition X 1991 1 1 0 1
Transition X 1991 3 4 0 1
Transition X 1992 5 9 0 1
Transition X 1993 1 10 0 1
Transition X 1994 1 11 0 1
Transition X 1995 0 11 0 1
Transition X 1996 0 11 2 3
Transition X 1997 0 11 0 3
Transition X 1998 0 11 0 3
Transition X 1999 0 11 0 3
Transition X 2000 0 11 0 3




Table 3: Summary of Variables

count mean sd min max
PHYSINT 1706 4.593787 2.106197 0 8
EMPINX 1708  5.294078 1.871518 0 8
One-Sided Violence 1761  .1862578 .6164909 0 9
Prosecutions 1667  .3077385  .9766574 0 10
Amnesty 1667  .0257948 .1798539 0 3
Prosecutions 1667  3.44751  6.087604 0 54
Guilty Verdicts 1667  1.634673 3.115862 0 25
Amnesties (Sum) 1667  .6094781 1.250875 0 8
Prosecutions * Amnesties 1667  6.25135  28.58434 0 432
Guilty * Amnesties 1667  2.80024  12.23672 0 192
Previous HR Protections 1740 -.6422784 .7972093 -2.701097 1.814949
Regional Prosecutions 1740  .6315166 - 0 1
Rupture 1761 .4900625 - 0 1
Civil War 1736 .2010369 - 0 1
Judicial Ind (LinzStaton) 1758  .4860037 .2317029 .0437 9788
Judicial Ind (LC Keith) 1640  .845122 796829 0 2
Years Since Trans 1761 11.26065 7.525463 1 37
Polity II 1761  5.202158 4.888764 -9 10
GDP pc (In) 1697  7.111239  1.32884  4.480213 10.15113
Population (In) 1716 16.40218 1.267823 13.70945 19.29896
Observations 1761
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4 Model Choice

Using fixed-effects regression allows us to explore the relationship between predictor
and outcome variables within each transition, based on the assumption that each tran-
sition has its own individual characteristics that may influence its use of justice policies
and its protection of human rights. Because the dependent variable is an interval mea-
sure, a fixed-effects ordered logit would be an ideal model. We choose regressions instead
because they are easier to interpret and visualize based on conventional methods. As
a robustness check, we compared our results to those produced by fixed-effects ordered
logits. None of the findings are altered. The equation for our general fixed-effects model
assumes the following form:

Yie = B1Yi—1 + BoXit—1 + BsZi—1 + Qiz1..m + it (1)

where: Y}, is the dependent variable (i=transition and t=time); Y;;_; is the lagged depen-
dent variable; X;; is a matrix of control variables; Z; ;; is a matrix of transitional justice
variables of interest; (5;_s3 are the coefficients for the controls and independent variables
of interest; a;—;. ., is the unknown intercept for each transition (n transition-specific in-
tercepts); and i is the error term.

One assumption of a fixed-effects model is that the individual transition’s character-
istics are unique and uncorrelated with the other transitions’ error terms. If they are
correlated, then one should use a random-effects model. We employ a Hausman test
between fixed-effects and random-effects models and find a systematic difference between
the coeflicients produced; following convention, we therefore choose a fixed-effects model.
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5 Matching

To achieve a valid estimate of a variable’s effects, it’s effects should be observed
between treatment and control groups that are “balanced.” This means that the groups
possess the same mean values of all covariates. In a situation of perfect balance, one can
simply perform a difference in means test to assess the effects of treatment. However, in
observational data, perfect balance of this kind rarely exists. CEM can be used to create
more balance between groups by (1) generating matched strata that share the same levels
of different pre-treatment characteristics (2) “pruning” observations that are not matched
and (3) using the number of treated and untreated observations in each strata to create
weights for further analysis (Blackwell et al. 2009).

CEM is an alternative strategy to two-stage selection models, which not only require
a set of assumptions about variable distributions that are unwarranted in this case, but
also introduce a series of identification issues that are difficult to resolve (Heckman 1976;
Simmons and Hopkins 2005). For instance, it might be that an adequate instrumental
variable for human rights prosecutions or amnesties is not available.

Table 4 reports diagnostics on the matching procedure for the models considering
physical integrity violations. Matching factors are chosen because they might feasibly
affect both the choice to engage in prosecutions, and ultimately, the repressive practices
that governments engage in. The treatment is the existence of human rights prosecution
in any given country-transition-year. One can see that prior to matching, there is a good
deal of imbalance between treatment and control groups on mean values of variables
predicting selection into treatment. The CEM matching procedure works well. Imbalance
is almost entirely zero after the matching procedure is conducted. Based on these four
variables, the data are grouped into 40 strata, 34 of which are matched. Only 119 of
1,834 observations are unmatched.

Overal, matching models predicting physical integrity protections perform very well.
In each, around 75% of variation in the dependent variable is explained by independent
variables. A sizeable portion of the R-squared is explained by the inclusion of the lagged
dependent variable, but the inclusion of additional variables adds explanatory power to
the models. Many of the control variables—Ilike Judicial Ind, Polity II, and Civil War are
associated with human rights outcomes, as is commonly discovered in the literature on
repression.

Table 4: Matching Diagnostics for PHYSINT Models

Standardized Differences in Covariate Means

Covariate Before Matching  After Matching
Previous HR Protection -0.28 0.00
Regional Prosecutions 0.14 0.00
Rupture 0.03 0.00
Judicial Independence 0.07 0.00
Strata = 40 Matched Strata = 34

Matched Obs = 1715 Unmatched Obs = 119
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Table 5 reports the results of the matching procedure for those models considering
civil and political rights. Matching factors are chosen because they might feasibly affect
the choice to pass amnesty laws. Here, Civil War is substituted in for Judicial Inde-
pendence, used above, because we discovered that Judicial Independence is in no way
statistically correlated with the use of amnesties. Civil war is. The matching procedure
again works well. It generates 21 strata, 18 of which are matched. Only 29 observations
are unmatched, and thus pruned from the analysis. The imbalance between the strata is
reduced to a near-zero value.

Models 8-12, which predict changes in the protection in civil and political rights
measured by CIRI’s EMPINX index, perform very well. For these models, we repeat the
same steps as the previous five, and achieve R-squared measures over .80.

Table 5: Matching Diagnostics for EMPINX Models

Standardized Differences in Covariate Means

Covariate Before Matching  After Matching
Previous HR Protection -0.23 0.00
Regional Prosecutions 0.08 0.00
Rupture -0.15 0.00

Civil War -0.03 0.00
Strata = 21 Matched Strata = 18

Matched Obs = 1805 Unmatched Obs = 29
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6 Interactions and Marginal Effects

Figure 1:

Effects of Model 5 Interaction Term between

Amnesties and Prosecution on PHYSINT

Average Marginal Effects of Amnesties
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Note: Depicted are the average marginal effects of each term, conditional
on its interacting variable, with 95% confidence intervals.
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Figure 2:

Effects of Model 7 Interaction Term between

Amnesties and Guilty Verdicts on PHYSINT
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Note: Depicted are the average marginal effects of each term, conditional
on its interacting variable, with 95% confidence intervals.

Figure 3: Effects of Model 10 Interaction Term between
Amnesties and Prosecution on PHYSINT
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Note: Depicted are the average marginal effects of each term, conditional
on its interacting variable, with 95% confidence intervals.
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Figure 4: Effects of Model 12 Interaction Term between
Amnesties and Prosecution on PHYSINT
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Note: Depicted are the average marginal effects of each term, conditional
on its interacting variable, with 95% confidence intervals.
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7 Omitted Variable Bias

Unobserved heterogeneity could bias our results, and explain away some of the find-
ings. For example, if we omit a number of important explanatory variables that explain
the presence of transitional justice mechanisms, as well as improved human rights out-
comes, it would mean that we are seeing relationships where none exist.

In order to address this problem, we implement a post-estimation test developed by
Emily Oster (2017). Oster’s test reports a delta term that indications indicates what
proportion of selection would have to be explained by unobservables, compared to the
observables included in the model, for the treatment effect to be zero. In Model 4,
which predicts the effect of prosecutions on PHYSINT, that delta term is 4.5, meaning
that omitted variables would have to explain 450% more selection than the variables
included in the model for the effect of Prosecutions to be zero. For Model 9, unobservables
would have to account 300% more selection than the observed variables for the effect of
Amnesties to be zero. In either case, it is unlikely that omitted variables account for this
much variation.
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